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7% 1 Parameter list of Bayesian optimization

parameters values unit target

amplitude of external force 1.0 (sine wave) [N]

Cycle of external force 1.0 + noise [Hz]

Mass of the object 1.0 + noise [ke]
Spring rate 0.001 - 9.999 [N/m] v
Dunbar rate 0.001 - 9.999 [N/m] v

#< 2 Parameter list for reinforcement learning

parameters values unit target
1.0 (sine wave)
amplitude of external force [N]
+ noise

Cycle of external force 1.0 [Hz]

Mass of the object 1.0 [kg]
Spring rate 2.0 [N/m] v
Dunbar rate 2.0 [N/m] v
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3 Result of Bayesian optimization
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4 Conditions for earning rewards and Reward

calculation
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5 Result of reinforcement learning
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